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Abstract: Optimal allocation of human capital across regions through labor mobility is an important
way to achieve high-quality economic development in China. This paper examine how labor mobility
across regions affects productivity of firms. It is found that labor mobility does improve productivity of
firms and this effect is particularly driven by the mobility of high-skilled labor. The contribution of
labor mobility to productivity of firms is mainly achieved by optimizing the allocation of labor
resources which shows that labor mobility increases the productivity of firms in the net inflow region
without reducing the productivity of firms in the net outflow region. The mobility of high-skilled labor
enhances the productivity of firms in net-inflowing regions mainly through two channels: improving
human capital level and innovation capability of firms in net-inflowing regions. The productivity
enhancement effect of high-skilled labor mobility on productivity of firms is significantly stronger in
regions with higher tertiary industry share urban intelligence level and local average human capital
level. The finding sets a new and important perspective for understanding the evolution of the spatial
pattern of China’ s economic growth dynamics and it has certain policy implications on how to
guide labor mobility to realize China’ s secondary demographic dividend.
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